1. Report for algorithm yitu_1

Fig 1: Investigational mode: FNIR(N, 1, 0) vs. most accurate (yitu_4)
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Fig 3: Identifcation mode: FNIR(N, L+1, T) vs. most accurate (nec_3)
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Fig 2: DETSs by enroliment type
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Fig 4: DET for various N. Links connect points of equal threshold.
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Identification Error rate, FPIR(T) or FNIR(T)
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2. Report for algorithm yitu_1

Fig 5: Dependence on T by number enrolled identities
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Fig 7: Investigational mode: FNIR(1600000, R, 0) by probe type
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Fig 6: FPIR dependence on T by probe type
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Fig 8: FPIR vs. Selectivity

9.75

7e+01 =
5e+01 =
3e+01 =
2e+01 =

le+01 =
7e+00 =
5e+00 =
3e+00 =
2e+00 =

1e+00 =
7e-01 =
5e-01 =
39331 - Enrolled images:
e recent
1e-01 = N = 1600000
7e-02 =
5e-02 =
3e-02 =
2e-02 =

—— natural

1le-02 =
7e-03 =
5e-03 =
3e-03 =
2e-03 =
1e-03 =
7e-04 =
5e-04 =
3e-04 =
2e-04 =
L] L] L] L] L] L]
1le-03 3e-03 le-02 3e-02 1le-01 3e-01
False Positive Idenification Rate, FPIR(T)

L} L}
le-04 3e-04



3. Report for algorithm yitu_ 1~ 2020-03-20 13:21:04

Fig 10: Template duration; search duration vs. N Fig 11: Datasheet

1000 MODEL — Log Model --- Power Law Model Algorithm: yitu_1

Developer: Shanghai Yitu Technology
Submission Date: 2018_02_12
Template size: 4136 bytes
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